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Abstract: Traditional object tracking algorithms track targets based on the color and texture of the target in the color image.
When the target is occlusion or deformed in complex scenarios, the visual information is easy to change leads to the traditional
target tracker failed. However, spectral information in hyperspectral images (HSI) can improve the stability of object tracking. In
this paper, an object tracking method was proposed based on channel attention mechanism (CAM), which can extract the global
spectral information and correlation information of different channels to generate the weight vector of channels. Through a channel
weighting operation, the spectral response value in HSI was recalibrated to enhance the valuable band spectral information and
suppress the interference of useless background spectral information, and the separability between target and background was
enhanced in HSI. Finally, the weighted image was input into the tracking network to obtain the prediction result. The experimental
results on hyperspectral datasets show that the proposed tracker obtains satisfactory performance, and is superior to most of the
current object tracker.
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